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*Files from certain states 29. HERNANDEZ ANGELA LARRY 2 partitioning schemes fared against different input client files. At times,
«Files from certain cities 30.  KING MELISSA JEFFREY the second scheme was around 6 times faster, a great improvement.
*The client files can be sorted or randomized. 31. WRIGHT BRENDA FRANK
*The client files will either be simulated or from actual sources. gg h(l)I_T_EZ QNJA EEI%TT W Partition By Zip
g o
Goal — See what partitioning scheme is more effective at balancing 34, scoTT REBECCA STEPHEN g
the load between the grid nodes. 35 GREEN VIRGINIA ANDREW 2
36. ADAMS KATHLEEN RAYMOND 17}
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The 6 most populous US zip codes 3 SortedbyZip  Zip&L Name
1. 60623 CHICAGO, IL 4. 10025 NEW YORK, NY Did you know... File Organization:
2 11226 BROOKLYN. NY 5. 90201 BELL GARDENS. CA *There are 67 US zip codes with no one living in them

*The smallest zip code in Oklahoma is in Lawton, zip code 73770
3. 10021 NEW YORK, NY 6. 60617 CHICAGO, IL & B

*The most common last name in the world is Chang




